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How to Make the Right Decision?

World of Traditional Business

Stable environment
Low level of competition
Certainty

Knowledge utilization

Relatively simple and static business processes
Limited ways of doing business
Moderate stakeholders ' pressure

World of Digital Business

Dynamic environment
High level of competition

Uncertainty
Knowledge creation and innovation

Business Strategy
Business Processes

Dynamic, IT-based business processes
Mutltiple ways of doing business
Severe stakeholders ' pressure




What is the problem?

Monitor performance and communicate strategy

-Promote continued improvement
-Include middle managementand frontline workers

-Direct Analytical Bl towards potential problems

—
. b
Isolate and identify good and bad

-Historical Trends
-Forecast future potential

Analytical

-Directthe focus of Operational hluau;es

Implement Operational Initiatives To."

~-Automate/Accelerate Processes

-Empower employee decisions
-Enhance customer partner relations

-Monitor Performance of Initiatives
e Balanced Scorecard’,

pp. 1-8, May 2008.

Williams, S., ‘




Insights Strategy
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TRADITIONAL APPROACH BIG DATA APPROACH

O 0

Data Exploratlon

Q,@

Insight Correlation

Start with hypothesis and Explore all data and
test against selected data identify correlations




Data will talk to

you if you re

willing to listen.




Company marketing plans are not successfull!!l
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What is problem?

The problem is we don't understand
the problem.

— Paul (Mac(}wadt/ —
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Corporate investment in artificial intelligence
is predicted to triple in 2017, becoming a $100
billion market by 2025.



https://go.forrester.com/wp-content/uploads/Forrester_Predictions_2017_-Artificial_Intelligence_Will_Drive_The_Insights_Revolution.pdf
https://twitter.com/rwang0/status/828094601508515840/photo/1

Data Usage and Insight Matrix
Getting there!
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Availability of data

gure 5.3 Data Usage and Insight Matrix

ilability is no guarantee of insight. The goal is to have insight available at the time of need, which
ans getting data accessible.

URCE: John E Tanner Jr., “Building an Effective Data Strategy in Todays Information Overload
rld” (2014), white paper available at Teradata (www.teradata.com).



Data Accessibility Across the Organization

. 61% = 900/

depart-
ments and are not yet
integrated across the

Data flow into o
organization

enterprise software

and are accessible to

decision-makers 120/0 giﬁ?:du;‘;?g/ to




Data Volume

Data Available to
an Organization

The Gap due to lack
of Data Processing and
Analysis Technology

Time
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igure 1.1 Maximum Gains Observed for Customer-Facing Big Data Solution
OURCE: Data cited from CBP Research, The Case for a New CRM Solution (2013).



What Do You See?



http://blog.allmyfaves.com/viral/what-do-you-see-11-amazing-optical-illusions/

BUSINESS

DATA

Understanding Understanding

DEPLOYMENT

EVALUATION

CRISP-DM Methodology

Data
PREPARATION

MODELING

RAzsoFT CANADA




Goals & Objectives



https://www.google.com/url?sa=i&rct=j&q=&esrc=s&source=images&cd=&cad=rja&uact=8&ved=0ahUKEwiuiqOytpXRAhWL3SwKHSR_ATgQjRwIBw&url=https://www.pinterest.com/jamso0326/kpi-key-performance-indicators/&psig=AFQjCNHyMRA3ootnh0z_XmjELObFPcyCiw&ust=1482964157265980




Data Acquisition Context

Analyze/Embed

Data

Traditional

data warshouse,

tramsactions, descriptive
Distributed
datamarts, spreadsheets

.

pulse, Emerging isswes

Survey Research
aTtitudes, opinions

' ';_"_,. . Sense-making

volume - velocity - varlety - verocity —_—

(@)  Sensors
v,

on-premise - cloud- managed services

L

Organize

-

Actionable Insights in the Business Moment

DECISIONS )

“consumer oriented agile insight”

Mobile . Dashboard

:

Whas-if? Indight

-
[
e
Decizion Mgmt

people, process —




Data Acquisition Context Analyze/Embed Actionable Insights in the Business Moment

- DECISIONS )
Data ) Organize “consumer oriented agile insight”
Traditional < E ] [

- What has happened?

Diagnostic Analytics
Why did it happen?

Predictive Analytics
What will happen?

= _| Descriptive Analytics
g
g
g
E
:
E

L (@)  Sensors

on-premise - cloud- managed services

B0

people, process

T LEARN

https://www.ibm.com/developerworks/comm
unity/blogs/jfp/entry/Cognitive_Computing_vs
_Analytics?lang=en



predicting churn

churn predictionis a
common application
where the number of
churners is typically
small compared to the
number of customers
that stay '

o) Predictive AR salodive i MRS
Analytics
s S, #pawcon

@pythongeert



RFM METRICS

RFM Metrics:

&

RECENCY FREQUENCY MONETARY
The freshness of The frequency of The willingness to
customer activity. customer spend.
transactions.

e.g. time since last e.g. the total e.g. the total
activity number of recorded transaction value
transactions

Levels Calculated for the Analysis Period

@ & o = e

Recency 544 days 408 days 272 days 136 days The number of days since the last order.

Frequency 1 Order(s) 2 0rder(s) 5 Order(s) 6 Order(s) The number of orders during the analysis period: 18 month(s)

Manetary £52 £ 381 £1,367 £2025 The total amount spent during the analysis period: 18 manth(s).
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Target Marketing




6. Evolution and Development of Knowledge

Management:
KM 1: Collecting KM 2: Sharing KM 3: Using
B '} 3 8 *3
L
< a :
KMuio KM2o  KMso
techno-centric people-centric productivity-centric
command and control Social Practical & Individual
“KM is extra work” “KM is part of my work” “KM is helping me do my
| | work”

KM 1.0 focused on
collecting knowledge
"before it walked out the
door”.

KM 2.0 focused on sharing KM 3.0 focus on using

knowledge using web- existing knowledge to belr
people get their job

enabled and social media
tools.



“Vision without action is a daydream.
Action without vision is a g




